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1  | INTRODUC TION

Population aging is an increasingly important problem in devel‐
oped countries, bringing with it a host of medical, social, eco‐
nomic, political, and psychological problems (Rae et al., 2010). 

Over the last several years, many biomedical approaches to ame‐
liorating aging have been investigated in animal models, and some 
of these seem able to reverse general aspects of aging in adult 
mammals based on a variety of physiological measurements (Das 
et al., 2018; Ocampo et al., 2016; Zhang et al., 2017). However, 
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Abstract
Epigenetic “clocks” can now surpass chronological age in accuracy for estimating 
biological age. Here, we use four such age estimators to show that epigenetic aging 
can be reversed in humans. Using a protocol intended to regenerate the thymus, we 
observed protective immunological changes, improved risk indices for many age‐re‐
lated diseases, and a mean epigenetic age approximately 1.5 years less than baseline 
after 1 year of treatment (−2.5‐year change compared to no treatment at the end of 
the study). The rate of epigenetic aging reversal relative to chronological age acceler‐
ated from −1.6 year/year from 0–9 month to −6.5 year/year from 9–12 month. The 
GrimAge predictor of human morbidity and mortality showed a 2‐year decrease in 
epigenetic vs. chronological age that persisted six months after discontinuing treat‐
ment. This is to our knowledge the first report of an increase, based on an epigenetic 
age estimator, in predicted human lifespan by means of a currently accessible aging 
intervention.
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to date, evidence that systemic aging can be reversed has not 
been substantiated by determinations of epigenetic age, which 
can now provide a simple but compelling indication of biological 
as opposed to chronological age (Horvath & Raj, 2018; Jylhava, 
Pedersen, & Hagg, 2017). In addition, there is a need to specifically 
address immunosenescence stemming from thymic involution 
(Bodey, Bodey, Siegel, & Kaiser, 1997). Thymic involution leads to 
the depletion of critical immune cell populations (Arnold, Wolf, 
Brunner, Herndler‐Brandstetter, & Grubeck‐Loebenstein, 2011), 
resulting in a collapse of the T‐cell receptor (TCR) repertoire in hu‐
mans after the age of ~63 (Naylor et al., 2005), and is linked to age‐
related increases in cancer incidence (Falci et al., 2013), infectious 
disease (Ventevogel & Sempowski, 2013), autoimmune conditions 
(Goronzy & Weyand, 2003), generalized inflammation (Goronzy & 
Weyand, 2003), atherosclerosis (Dai, Zhang, Wang, Wu, & Liang, 
2018), and all‐cause mortality (Fernando‐Martinez et al., 2013; 
Roberts‐Thomson, Whittingham, Youngschaiyud, & Mackay, 1974; 
Strindhall et al., 2007). In contrast, maintained immune function 
is seen in centenarians (Strindhall et al., 2007). Although thymic 
function in aging also depends on the supply of T‐cell progenitors 
from the bone marrow, which declines in relation to the output of 
myeloid HSCs with age (Akunuru & Geiger, 2016), the net number 
of lymphoid precursors does not change with age (Montecino‐
Rodriguez et al., 2019), and migration of T‐cell precursors from the 
bone marrow also appears to depend on thymic function (Haar, 
Taubenberger, Doane, & Kenyon, 1989).

For these reasons, we conducted what may be the first human 
clinical trial designed to reverse aspects of human aging, the 
TRIIM (Thymus Regeneration, Immunorestoration, and Insulin 
Mitigation) trial, in 2015–2017. The purpose of the TRIIM trial 
was to investigate the possibility of using recombinant human 
growth hormone (rhGH) to prevent or reverse signs of immunose‐
nescence in a population of 51‐ to 65‐year‐old putatively healthy 
men, which represents the age range that just precedes the col‐
lapse of the TCR repertoire. rhGH was used based on prior evi‐
dence that growth hormone (GH) has thymotrophic and immune 
reconstituting effects in animals (Kelley et al., 1986) and human 
HIV patients (Napolitano et al., 2008; Plana et al., 2011). Because 
GH‐induced hyperinsulinemia (Marcus et al., 1990) is undesirable 
and might affect thymic regeneration and immunological recon‐
stitution, we combined rhGH with both dehydroepiandrosterone 
(DHEA) and metformin in an attempt to limit the “diabetogenic” 
effect of GH (Fahy, 2003, 2010; Weiss, Villareal, Fontana, Han, & 
Holloszy, 2011). DHEA has many effects, in both men and women, 
that oppose deleterious effects of normal aging (Cappola et al., 
2009; Forti et al., 2012; Shufelt et al., 2010; Weiss et al., 2011). 
Metformin is a powerful calorie restriction mimetic in aging mice 
(Dhahbi, Mote, Fahy, & Spindler, 2005) and has been proposed 
as a candidate for slowing aging in humans (Barzilai, Crandall, 
Kritchevsky, & Espeland, 2016). Neither DHEA (Riley, Fitzmaurice, 
& Regelson, 1990) nor metformin are known to have any thymo‐
trophic effects of their own.

2  | RESULTS

2.1 | Treatment safety and side effects

A primary concern in this study was whether increased levels of a 
mitogen (IGF‐1) might exacerbate cancerous or precancerous foci in 
the prostate. Both of these changes should be detectable by meas‐
uring PSA or percent free PSA levels. However, PSA, percent free 
PSA, and the ratio of PSA to percent free PSA, an overall index of 
prostate cancer risk, improved significantly by day 15 of treatment 
and remained favorably altered to the end of 12 months (Figure 1a–
c). A brief spike in PSA at 6 months in two volunteers was rapidly 
reversed and, after volunteer consultation, was interpreted as re‐
flecting sexual activity close to the time of PSA testing. No change in 
testosterone levels was observed.

Another significant concern was whether augmenting immune 
activity might exacerbate age‐related inflammation. However, CRP 
declined with treatment, the decline reaching statistical significance 
by 9–12 months (Figure 1d). The pro‐inflammatory cytokine, IL‐6, did 
not change (Figure 1e).

No remarkable changes were noted in serum albumin, lipids, 
hemoglobin, hematocrit, platelet count, electrolytes, and hepatic 
enzymes (Figure 1f). Insulin levels were in general adequately con‐
trolled by co‐administration of DHEA and metformin (Figure 1g) 
(although one outlier increased mean insulin at 12 months), and glu‐
cose levels did not change (Figure 1h). Finally, estimated glomerular 
filtration rates (eGFR), which are relevant to the potential for lactic 
acidosis with metformin as well as to treatment efficacy, showed a 
statistically significant improvement after 9–12 months (with a trend 
toward improvement at 18 months as well) (Figure 1i). Side effects 
were mild, typical of rhGH administration, and did not require dosing 
modification except in two cases. Side effects included arthralgias 
(2 cases), anxiety (1 case), carpal tunnel syndrome (1 case), fluid re‐
tention (1 case), mild gynecomastia (1 case), and muscle soreness (1 
case). One trial volunteer was removed from the study after approxi‐
mately one month due to self‐reported bradycardia, which preceded 
the trial, and belated admission of a strong familial history of cancer.

2.2 | Thymic and bone marrow 
regenerative responses

Obvious qualitative improvements in thymic MRI density were ob‐
served and are illustrated in Figure 2. Quantitatively, the overall in‐
crease in the thymic fat‐free fraction (TFFF) was significant at the 
p = 8.57 × 10−17 level based on linear mixed‐model analysis, implying 
a restoration of thymic functional mass. The improvements were sig‐
nificant in 7 of 9 volunteers (Figure 3a–c). Two volunteers had abnor‐
mally low levels of thymic fat (high TFFF) at baseline, and their TFFFs 
did not significantly improve with treatment (peak relative changes of 
+9.6% (p > .3) and +12.4% (p > .2); Figure 3b). Their lack of response 
was not age‐dependent. Instead, improvement in TFFF was depend‐
ent upon baseline TFFF, regardless of baseline age (Figure 3c).
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F I G U R E  1  Treatment safety indices. In this and other figures, error bars depict SEMs; baseline SEMs for normalized data were obtained 
as described in Experimental Procedures. Asterisks denote p < .05 (*), p < .01 (**), and p ≤ .001 (***). (a) Prostate‐specific antigen (PSA). (b) 
Fold change (FC) in percent free PSA. (c) Fold change in the ratio of PSA to percent free PSA (“risk factor”), which rises as prostate cancer 
risk rises. (d, e) Pro‐inflammatory indices (c‐reactive protein (CRP)) and IL‐6). (f) Serum alkaline phosphatase (AP), aspartate aminotransferase 
(AST), and alanine aminotransferase (ALT). The increase in AP, while statistically significant, was quantitatively negligible and remained well 
within the normal range. (g) Maintenance of insulin levels within the upper and lower limits of the normal range (indicated by the horizontal 
lines). (h) Lack of change in serum glucose, which remained within the normal range. (i) Improvement in estimated GFR at 9 and 12 months of 
treatment, with a trend toward continued improvement 6 months after discontinuation of treatment

F I G U R E  2   Example of treatment‐induced change in thymic MRI appearance. Darkening corresponds to replacement of fat with 
nonadipose tissue. White lines denote the thymic boundary. Volunteer 2 at 0 (a) and 9 (b) months

(a) (b)
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By comparison, sternal BMFFF increased to a much lesser degree, 
but with such consistency (Figure 3d) as to reach high statistical signifi‐
cance (Figure 3e; p < .001 for single‐point comparison, or p = 9.5 × 10−12 
for formal linear mixed‐model analysis). Bone marrow, similar to thy‐
mus, showed a pattern of increased BMFFF with increased baseline fat 
content, but the details of the pattern were different (Figure 3f). This 
difference plus the more robust replacement of thymic vs. bone marrow 
fat is consistent both with a specific reversal of thymic involution rather 
than generalized regression of body fat owing to GH administration and 
with possible stimulation of bone marrow T‐cell progenitor production 
by GH (French et al., 2002; Hanley, Napolitano, & McCune, 2005).

2.3 | Immune cell subset and cytokine changes

Analysis of CyTOF‐defined immune cell populations revealed the 
most robust changes to be decreases in total and CD38‐positive 

monocytes (Figure 4a, b) and resulting increases in the lymphocyte‐
to‐monocyte ratio (LMR) (Figure 4c). Linear mixed‐model correlation 
analysis across all treatment times (0, 9, and 12 months) also showed 
significant correlations between TFFF and the reduction in total 
monocyte percentage (r = −0.4, p = 0.039), the elevation in overall 
LMR (r = 0.45, p = 0.019), the reduction in CD38+ monocyte percent‐
age (r = −0.59, p = 0.0012), and the increased ratio of lymphocytes 
to CD38+ monocytes (r = 0.51, p = 0.0066). The changes in mean 
monocyte populations persisted 6 months after discontinuation of 
treatment (p = .012 for normalized CD38+ monocytes and p = .022 
for normalized total monocytes: Table S1), and the increase in LMR 
remained highly significant at 18 months as well.

PD‐1‐positive CD8 T cells declined significantly with treat‐
ment (Figure 4d). By gating on naïve T cells, we were able to de‐
tect significant increases in both naïve CD4 and naïve CD8 T cells 
(Figure 4e–f) and a significant (p = .017) increase in the percentage of 

F I G U R E  3  Quantitative MRI‐based regeneration outcomes. Like symbols denote the same individuals in each panel. (a) Individual 
absolute changes in TFFF. Statistically significant improvements are evident for each individual with the exception of two volunteers who 
showed high TFFF at baseline (stars); overall significance by linear mixed‐model analysis: p < 9 × 10–17 (see text). (b) Relative changes in 
TFFF for each individual. The age of each individual at trial entry (noted adjacent to each line) does not correlate with the magnitude of the 
depicted changes. The highest p values (p > .01) for significant individual responses are denoted with asterisks; for clarity, higher significance 
levels are not designated. (c) Sigmoidal dependence of TFFF change at 12 months on baseline TFFF, showing greater improvements for thymi 
with lower basal TFFFs (p < .007). (d) Individual changes in sternal bone marrow fat‐free fraction (BMFFF) (volunteer age noted adjacent to 
each line). (e) Mean overall changes in BMFFF. (f) Linear dependence of 12‐month BMFFF on basal BMFFF (p = .012), showing the largest 
relative changes in individuals with the lowest baseline BMFFFs. BMFFF data for one volunteer could not be evaluated
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F I G U R E  4   Immunological responses to treatment. (a) Decline (~35%) in monocyte (CD33+ cell) percentages with treatment. When 
normalized to baseline, the decline in monocytes remained significant even at 18 months (p = .022; Table S1). (b) Persistent decline (~40%) 
from baseline [(CD38+ monocytes)0] in CD38+ monocytes with treatment. (c) Persistent increase in the lymphocyte‐to‐monocyte cell ratio. 
Black points: lymphocyte‐to‐monocyte ratio; yellow points: lymphocyte‐to‐CD38+ monocyte ratio. (d) Decrease in normalized PD‐1‐positive 
CD8 cell percentage with treatment. (e) Increase in normalized naïve CD4 cells (nCD4) vs. baseline [(nCD4)0] with treatment. (f) Increase in 
normalized naïve CD8 cells with treatment. Black points: all volunteers (p = .03 at 9 months). Yellow points: all volunteers minus the most 
extreme outlier of Figure 3a–c (represented by blue stars in those figures): p = .04 at 9 months and p < .03 at 12 months

TA B L E  1   Epigenetic aging characteristics of the study population

Epigenetic clock DNAm (Horvath) DNAm P (Levine) DNAm H (Hannum) DNAm G (Lu)

(EA‐A)0 −3.95 ± 1.19 −17.5 ± 0.98 −12.6 ± 0.91 −2.80 ± 1.45

(EA‐A)9–(EA‐A)0 −1.071 ± 0.65 −2.16 ± 1.28 −0.91 ± 0.69 −0.54 ± 0.52

(EA‐A)12–(EA‐A)0 −2.50 ± 0.40 −3.73 ± 1.26 −2.76 ± 1.13 −2.16 ± 0.50

(EA‐A)18–(EA‐A)0 −0.94 ± 1.04 −2.12 ± 1.66 −2.28 ± 1.14 −2.12 ± 0.40

[(EA‐A)9–(EA‐A)0] per year −1.43 ± 0.86 −2.87 ± 1.71 −1.21 ± 0.92 −0.72 ± 0.70

[(EA‐A)12–(EA‐A)9] per year −5.74 ± 2.53 −6.31 ± 4.59 −7.38 ± 4.66 −6.48 ± 1.31

Correlation between [(EA‐A)12–
(EA‐A)0] and A0

r2 = .02 r2 = .03 r2 = .153 r2 = .04

p = .71 p = .68 p = .298 p = .61

Correlation between [(EA‐A)12–
(EA‐A)0] and (EA‐A)0

r2 = .02 r2 = .23 r2 = .35 r2 = .09

p = .72 p = .196 p = .096 p = .43

Note: EA = epigenetic age; A = chronological age; 0 = at zero months (trial onset); 9, 12, 18 = at 9, 12, and 18 months after the trial onset; A0 = age at 
trial onset; all results given in years or in years per year.
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CD31+CD45RA+CD4+ cells (CD4 recent thymic emigrants, or RTEs) 
over the course of treatment (linear correlation, Figure S1). We did 
not detect consistent changes in senescent T cells measured either 
as CD57+ cells or as CD28‐ cells. However, we did detect a significant 
increase in serum FGF‐21 levels (Figure S2).

2.4 | Epigenetic age regression

Although, on average, trial volunteer epigenetic ages (EAs) were lower 
than their chronological ages (As) at baseline [(EA‐A)0 < 0, Table 1], 
epigenetic age was nevertheless significantly decreased by treatment 
based on the results of all four epigenetic clocks (Figure 5a–d), with a 
mean change in EA‐A after 12 months of about 2.5 years (Figure 5e). 
The effect of treatment on epigenetic age regression at 12 months 
was not dependent on age at onset of treatment or on (EA‐A)0 
(Table 1). Linear mixed‐model analysis (LMMA) showed significance 
levels for individual clocks ranging from p = .0009–.012 over months 
0–12 to p = .0016–.028 for months 0–18 (Figure 5 legend). Horvath 
clock LMMA results were unchanged (p  =  .018) after adjusting for 
changes in blood cell composition (lymphocyte count, percent of 
senescent CD8 T cells among CD8 T cells, and the LMR). Although 
there was a general tendency for EA‐A to trend back toward (EA‐A)0 
6 months after discontinuation of treatment, this trend was incom‐
plete, leaving on average an improvement of more than 1.5 years at 

trial month 18 (Figure 5e, p < .001). In addition, the GrimAge clock, 
which is specifically able to predict human life expectancy (Lu et al., 
2019), showed no regression of (EA‐A)‐(EA‐A)0 after treatment, with 
a gain of approximately 2.1 years at 12 months still remaining at trial 
month 18 (Figure 5d; Table 1). Furthermore, comparing the rates of 
aging regression between 0–9 and 9–12 months showed that, for 
every age estimator, the rate of aging regression appeared to accel‐
erate substantially with increasing treatment time (Figure 5a–d and 
Table 1), with a mean slope over all four clocks of −1.56 ± 0.46 years/
year in the first 9  months to −6.48  ±  0.34  years/year in the last 
3 months of treatment (p < .005, Figure 5f).

3  | DISCUSSION

The TRIIM trial was designed to investigate the possibility of thymus 
regeneration and reversion of immunosenescent trends in healthy 
aging men while minimizing side effects and any possible risks. Our 
results support the feasibility of this goal but unexpectedly also 
bring to light robust evidence that regression of multiple aspects 
and biomarkers of aging is possible in man. These two observations 
may be related.

Thymus regeneration and reactivation by growth hormone 
administration have been established in aging rats and dogs by 

F I G U R E  5  Treatment‐induced changes in epigenetic age. EA, epigenetic age; A, chronological age; changes depicted relative to EA‐A 
before treatment [(EA‐A)0]. (a) Decline in Horvath epigenetic age by 12 months of treatment. Overall, linear mixed‐model analyses (LMMAs) 
indicated a P value of .0009 over months 0–12 and .018 over months 0–18. (b) Decline in PhenoAge by 12 months of treatment. LMMA 
overall P values are .0064 for months 0–12 and .028 for months 0–18. (c) Decline in Hannum epigenetic age by 12 months, and continuing 
epigenetic age regression to 18 months. LMMA p = .012 for months 0–12 and p = .0092 for months 0–18. (d) Persistent decline in GrimAge 
age at 12–18 months. LMMA showed p = .0049 for months 0–12 and p = .0016 for months 0–18. (e) Mean of all four epigenetic aging 
clock results, indicating significant overall epigenetic aging regression at trial months 9–18. By LMMA, p = .0003 for 0–12 mo and .0016 for 
0–18 mo. (f) Significant (p < .005) change in the rate of change of [(EA‐A)–(EA‐A)0] between 0–9 months of treatment (plotted at 9 months) 
and 9–12 months of treatment (plotted at 12 months)
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restoration of youthful thymic histology (Goff, Roth, Arp, & al., e., 
1987; Kelley et al., 1986) and by reversal of age‐related immune defi‐
cits (Kelley et al., 1986). In humans, the existence of surviving thymic 
tissue after the age of about 54, which is required for success‐
ful thymus regeneration in older individuals, has been questioned 
(Simanovsky, Hiller, Loubashevsky, & Rozovsky, 2012). Available 
reports indicating increased thymic CT density and immunological 
improvements induced by rhGH in HIV patients (Napolitano et al., 
2008; Plana et al., 2011), whose thymi are physiologically unusual 
(McCune et al., 1998), are silent on whether regeneration was ob‐
served in individuals over the age of 50. The present study now 
establishes highly significant evidence of thymic regeneration in 
normal aging men accompanied by improvements in a variety of dis‐
ease risk factors and age‐related immunological parameters as well 
as significant correlations between TFFF and favorable changes in 
monocyte percentages and the LMR, independent of age up to the 
age of 65 at the onset of treatment. These observations are consis‐
tent with the known ability of growth hormone to stimulate hema‐
topoiesis and thymic epithelial cell proliferation (Savino, 2007). Our 
finding of an increase in FGF‐21 levels after 12 months of treatment 
suggests that thymic regeneration by the present treatment may 
be mediated in part by this cytokine (Youm, Horvath, Mangelsdorf, 
Kliewer, & Dixit, 2016), which we believe is a novel finding.

We have not found previous studies associating rhGH adminis‐
tration with an increased LMR or reduced monocyte levels, whereas 
DHEA administration may actually increase monocyte levels 
(Khorram, Vu, & Yen, 1997). The mechanisms involved are not clear, 
but the unexpected effect of our treatment on the LMR may be of 
considerable significance, for two reasons.

First, higher LMRs are associated with better prognoses for a 
variety of leading sources of human mortality, including at least 8 
types of cancer (e.g., prostate cancer; Caglayan et al., 2019), athero‐
sclerosis (Gong et al., 2018), cardiovascular disease (Ji et al., 2017), 
and stroke (Ren, Liu, Wang, & Gao, 2017)], and are also associated 
with less generalized inflammation (Gong et al., 2018). Protection 
from cardiovascular disease has been associated with an LMR above 
5 (Gong et al., 2018). In our study, mean volunteer LMRs were below 
5 at baseline but were well above 5 at the end of treatment and 
6 months after the end of treatment.

Second, the great majority of monocytes are CD38‐positive. 
CD38 is an NADase ectoenzyme and a degrader of the NAD+ precur‐
sor, nicotinamide mononucleotide, and increased CD38 expression 
with age appears to be the primary cause of age‐related tissue NAD+ 
depletion in mice and most likely in man as well (Camacho‐Pereira 
et al., 2016). Induction of CD38 with aging has been proposed to 
be driven by age‐related inflammation, and to originate in inflamma‐
tory cells residing in tissues (Camacho‐Pereira et al., 2016), which 
in principle might include monocytes. Although many other immune 
cells express CD38, we did not detect any other CD38+ immune cell 
population that declined in response to thymus regeneration treat‐
ment, suggesting that monocytes may be of particular significance. 
Our observation of a decline in CRP in combination with reduced 
monocyte levels therefore suggests the possibility of an increase in 

tissue NAD+ levels. The mechanism by which CRP was reduced is 
not clear, but reactivation of negative selection in the thymus could 
in theory reduce autoimmune‐related inflammation; clearance of 
pro‐inflammatory viruses or senescent somatic cells could also be 
involved. Given the relationship between age‐related tissue NAD+ 
depletion and the onset of aging phenotypes (Das et al., 2018; 
Poljsak & Milisav, 2016), an increased tissue NAD+ content could 
be connected to our observations of reversed epigenetic aging, to 
the general association of higher LMRs with better health, and to 
previous observations linking thymus transplantation to regression 
of various nonimmunological aging processes (Fabris, Mocchegiani, 
Muzzioli, & Provinciali, 1988). Consistent with this possibility, we ob‐
served that strong declines in total and CD38+ monocytes, increases 
in LMR, and reduced GrimAge all persisted for 6 months following 
discontinuation of treatment.

Treatment‐induced declines in PD‐1+ CD8 T cells are consistent 
with the possibility that thymus regeneration treatment epigeneti‐
cally reprograms “exhausted” CD8 T cells (TEX), a recently charac‐
terized distinct PD‐1+ CD8 population (Khan et al., 2019). These 
cells are of great interest in part because PD‐1 is an immune check‐
point molecule that inhibits T‐cell proliferative responses (Henson, 
Macaulay, Franzese, & Akbar, 2012) and is involved in cancer evasion 
of immune control, leading to intensive efforts to develop pharma‐
cological immune checkpoint inhibitors that target PD‐1 (Khan et 
al., 2019). Blocking PD‐1 signaling improves proliferation of “senes‐
cent” human CD‐8 cells (Henson, Macaulay, Riddell, Nunn, & Akbar, 
2015). Mice, too, develop a subpopulation of exhausted CD8 cells 
with aging that are PD‐1+ and Tim‐3+ (Lee et al., 2016). Therefore, 
reduction of PD‐1+ CD8 T cells with thymus regeneration treatment 
likely represents a significant improvement in immune status.

Treatment‐induced increases in naïve CD4 and naïve CD8 T cells 
were relatively small compared to changes reported in rhGH‐treated 
HIV patients, but our volunteer population was pre‐immunosenes‐
cent and not depleted of naïve CD4 and naïve CD8 T cells at baseline. 
Positive responses also occurred despite potential complications 
caused by lymph node aging (Thompson et al., 2019). Therefore, 
the small increases observed in these cells and in CD4 T‐cell RTEs 
are consistent with the ultimate goal of preventing or reversing the 
normal age‐related collapse of the TCR repertoire at ages just above 
those of our study population (Naylor et al., 2005).

There may be both immunological and non‐immunological mech‐
anisms of epigenetic aging reversal. GH, DHEA, and metformin have 
unique effects that are in opposition to aging, and it is possible that 
the specific combination of these agents activates a broad enough 
range of therapeutic pathways to account for the previously unpre‐
dictable reversal of epigenetic aging, even independently of the im‐
munological markers we have measured.

In this regard, it must be pointed out that GH and IGF‐1 can also 
have pro‐aging effects and that most gerontologists therefore favor 
reducing rather than increasing the levels of these factors (Longo 
et al., 2015). However, most past studies of aging and GH/IGF‐1 
are confounded by the use of mutations that affect the develop‐
mental programming of aging, which is not necessarily relevant to 
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nonmutant adults. For example, such mutations in mice alter the 
normal innervation of the hypothalamus during brain development 
and prevent hypothalamic inflammation in the adult (Sadagurski et 
al., 2015) that may program adult body‐wide aging in nonmutants 
(Zhang et al., 2017).  It seems unlikely that lowering IGF‐1 in normal 
non‐mutant adults can provide the same protective effects. A sec‐
ond problem with past studies is a general failure to uncouple GH/
IGF‐1 signaling from lifelong changes in insulin signaling. Human 
longevity seems more consistently linked to insulin sensitivity than 
to IGF‐1 levels, and the effects of IGF‐1 on human longevity are 
confounded by its inverse proportionality to insulin sensitivity 
(Vitale, Pellegrino, Vollery, & Hofland, 2019). We therefore believe 
our approach of increasing GH/IGF‐1 for a limited time in the more 
natural context of elevated DHEA while maximizing insulin sensi‐
tivity is justified, particularly in view of the positive role of GH and 
IGF‐1 in immune maintenance, the role of immune maintenance in 
the retardation of aging (Fabris et al., 1988), and our present results.

Whatever the mechanism of epigenetic age reversal may be, 
the four selected epigenetic clocks, despite measuring somewhat 
different features of aging and correlating differently with blood 
composition and leukocyte telomere length, all showed significant 
regression of epigenetic age. There was also a marked acceleration 
of epigenetic aging reversal after 9  months of treatment. The im‐
plications of the latter observation remain to be explored. Further, 
although epigenetic aging reversal appeared to partially regress fol‐
lowing discontinuation of treatment according to some epigenetic 
clocks, this was not true for the GrimAge clock, which best predicts 
human life expectancy and health span (Lu et al., 2019). It remains to 
be seen whether follow‐up measurements of epigenetic aging using 
the GrimAge clock will show a persistent 2‐year gain in predicted life 
expectancy or a gradual loss of increased life expectancy compared 
to baseline. In the latter event, it will be interesting to determine 
whether repetition or prolongation of the trial treatment might re‐
store or further augment the predicted lifespan gain.

Although epigenetic age does not measure all features of aging 
and is not synonymous with aging itself, it is the most accurate mea‐
sure of biological age and age‐related disease risk available today. 
This justifies the use of epigenetic clocks to estimate the effective‐
ness of putative aging interventions on a practical timescale. The 
present study strongly supports this approach, having demonstrated 
regression of epigenetic age with high statistical significance even in 
a one‐year pilot trial involving only 9 volunteers. However, it will be 
necessary to verify the present results by replicating them in an ap‐
propriately powered follow‐up study. Although much more remains 
to be done, the general prospects for meaningful amelioration of 
human aging appear to be remarkably promising.

4  | E XPERIMENTAL PROCEDURES

4.1 | Volunteer recruitment and screening

Ten nominally healthy adult men from 51–65  years of age were 
recruited for the study by word of mouth following public 

announcements of the objectives of the trial. There were two co‐
horts, the first consisting of seven men and the second comprising 
three men. Cohort 1 was treated from October of 2015 to October 
of 2016, and cohort 2 was treated from April 2016 to April 2017. 
Volunteers first completed an online screening questionnaire, and 
qualifying candidates then provided a blood sample for objective 
confirmation of health eligibility. Candidates passing the second 
screen attended a meeting to enable physical evaluation, verifi‐
cation of ability to self‐inject rhGH, baseline magnetic resonance 
(MR) imaging of the thymus, two additional blood collections (see 
Appendix S2), informed consent, and instruction on how to fill out 
provided medication diaries intended to remind volunteers of dos‐
ing schedules and to report any adverse effects or any irregulari‐
ties in dosing.

4.2 | Trial conduct

The TRIIM trial was carried out after approval of the study proto‐
col by the Aspire Institutional Review Board (Santee, California) 
and under the auspices of IND 125851 from the Food and Drug 
Administration. Volunteers received MRI examinations at the Lucas 
Center for Imaging, blood collections at the Stanford Blood Center, 
and CyTOF analysis by the Human Immune Monitoring Center 
(HIMC) under the approval of the Stanford University Research 
Compliance Office. The trial was conducted consistently with the 
Declaration of Helsinki, Protection of Human Volunteers (21 CFR 
50), Institutional Review Boards (21 CFR 56), and Obligations of 
Clinical Investigators (21 CFR 312). It was, in accordance with FDA 
guidelines for pre‐Phase I exploratory studies (https​://prsin​fo.clini​
caltr​ials.gov/ACT_Check​list.pdf), not preregistered on clinicaltrials.
gov.

During the first week of the trial, rhGH alone (0.015 mg/kg) was 
administered to obtain an initial insulin response, and during the 
second week, rhGH was combined with 50 mg DHEA to evaluate 
insulin suppression by DHEA alone. During the third week, the same 
doses of rhGH and DHEA were combined with 500 mg metformin. 
Beginning at the fourth week, all doses were individualized based 
on each volunteer's particular responses. Thereafter, blood was 
collected one week prior to trial months 2, 3, 4, 6, and 9 to enable 
further dose adjustments at those time points (to maximize IGF‐1 
and minimize insulin), and additional blood samples were obtained 
at 12 months to conclude the treatment monitoring period. Dosing 
compliance was verified by the response of IGF‐1, DHEAS, and insu‐
lin to administration of rhGH, DHEA, and metformin, respectively; 
by frequent communication with trial volunteers; and by retrospec‐
tive review of returned medication diaries. Additional follow‐up 
blood testing was done at 18 months for cohort 1; cohort 2 was not 
available. In selected cases, as deemed useful, supplemental blood 
sampling was carried out at other times.

Serum and peripheral blood mononuclear cells (PBMCs) were 
cryopreserved at the SBC, in the latter case using 10% dimethyl 
sulfoxide and fetal bovine serum (FBS), and stored there and then 
at the HIMC until the end of the trial to enable simultaneous CyTOF 

https://prsinfo.clinicaltrials.gov/ACT_Checklist.pdf
https://prsinfo.clinicaltrials.gov/ACT_Checklist.pdf
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analysis and further distribution of some samples to other centers. 
Complete blood counts were performed by Quest Diagnostics to 
enable correction for cell losses caused by freezing and thawing or 
other factors, but in general, the need for correction was avoided 
by reporting cell subsets as percentages of their reference popula‐
tions (e.g., naïve CD4 cells as a percent of total CD4 cells) and by 
gating to intact viable singlets. Other blood assays are described in 
Appendix S2.

rhGH (Omnitrope, Sandoz) was provided to trial volunteers and 
was self‐administered 3–4 times per week, depending on side ef‐
fects, at bedtime along with other study medications. All volunteers 
were also provided with and asked to take supplements of 3,000 IU 
vitamin D3 and 50 mg of elemental zinc daily.

4.3 | MR imaging and analysis

All imaging scans were performed on the same 3T GE Premier MRI 
scanner at the Lucas Center for Imaging at Stanford University. 
Standardized methods for quantitatively determining thymic fat 
content have not been previously described, so we employed a com‐
putational methodology that has previously been applied to the anal‐
ysis of bone marrow fat content (Hu, Nayak, & Goran, 2011). These 
methods for quantifying fat have been shown to be more accurate 
than standard histopathological assessment by biopsy (Fischer et al., 
2012) and provide the thymic fat fraction (TFF) as a number from 0% 
to 100%. TFF was determined in three replicate central thymic re‐
gions at each tested time point and was used to compute the thymic 
fat‐free fraction (TFFF) as 100% ‐ TFF. The same methods were 
also applied to determine the sternal bone marrow fat‐free fraction 
(BMFFF). For more details, see Appendix S2.

4.4 | Immunophenotyping

Cryopreserved PBMCs were thawed in warm media, washed twice, 
and resuspended in CyFACS buffer (PBS supplemented with 2% 
BSA, 2 mM EDTA, and 0.1% sodium azide). Viability was determined 
by trypan blue dye exclusion (Vi‐CELL XR assay, Beckman Coulter 
Life Sciences). Cells were added to a V‐bottom microtiter plate 
(1.5 × 106 viable cells/well) and washed once by pelleting and resus‐
pension in fresh CyFACS buffer. The cells were stained for 60 min 
on ice with 50 μl of a cocktail of heavy metal isotope‐labeled anti‐
bodies directed against 35 cell surface markers (for details, and for 
details on cell washing, staining, permeabilization, and gating, see 
Appendix S2).

4.5 | Determination of epigenetic age

The state of genomic DNA methylation was determined in previ‐
ously cryopreserved PBMCs at the Centre for Molecular Medicine 
and Therapeutics at the University of British Columbia. Genomic 
DNA was extracted with the DNeasy Blood & Tissue Kit (Qiagen, 
Hilden, Germany), and bisulfite conversion of extracted DNA was 
performed using a Zymo EZ DNA Methylation Kit (Zymo Research, 

Irvine, CA). DNA methylation (DNAm) analysis was performed using 
the Illumina Infinium MethylationEPIC BeadChip (Illumina, San 
Diego, CA), which measures single‐CpG resolution DNAm levels at 
866,836 CpG sites in the human genome. Methylation at specific 
sites was calculated as β = Max(M,0)/[Max(M,0) + Max(U,0)], where 
Max(M,0) is the fluorescence intensity of methylated (M) alleles (sig‐
nal A) and Max(U,0) is the fluorescence of un‐methylated (U) alleles 
(signal B). Thus, β values range from 0 (completely un‐methylated) to 
1 (completely methylated) (Dunning, Barbosa‐Morais, Lynch, Tavare, 
& Ritchie, 2008).

The specific epigenetic “clocks” chosen for use in this study 
were those derived by Horvath (2013; DNAm age), Hannum et al. 
(2013; DNAm age H), Levine et al. (2018; DNAm PhenoAge), and 
Lu et al. (2019; DNAm age G or “GrimAge”). The specific rationales 
for these choices are based on Horvath and Levine (2015), Marioni 
et al. (2015), and Triche, Weisenberger, van den Berg, Laird, and 
Siegmund, (2013) and are described in  Appendix S2.

We calculated the effects of intervention on epigenetic age 
by first fitting all time point data to a linear mixed‐effects model 
for longitudinal data (multiple blood draws from the same per‐
son, adjusted for the initial DNAm age) to follow global epigene‐
tic aging trends. Second, to isolate more detailed individual‐ and 
time‐specific changes, we calculated the change in epigenetic 
versus chronological age for each volunteer as (EA‐A) – (EA‐A)0 
as described in the text, where EA is the epigenetic age at chrono‐
logical age A and (EA‐A)0 is the baseline difference between EA 
and A.

4.6 | Statistical analysis

We used linear mixed‐effects regression to properly account for 
the longitudinal nature of the information (multiple draws from the 
same person). When correction for time was not necessary, we used 
ordinary linear or nonlinear regressions. For comparisons between 
pretreatment and specific post‐treatment endpoints, we employed 
the t test, the t test for paired comparisons, or alternatives selected 
by SigmaPlot when the assumptions underlying t tests were not jus‐
tified. To enable normalized comparisons to month zero baselines, 
replicate results for each volunteer at time zero were averaged and 
each replicate result was divided by the mean to produce a popula‐
tion of departures from 100% that could then be used for compari‐
son against later time points. Reported P values do not correct for 
multiple comparisons because independent hypothesis testing was 
not carried out in most cases, and in the case of both multiple tests 
for epigenetic age and significant differences in CyTOF results, all 
significant test results were highly correlated, making Bonferroni 
correction overly conservative.

ACKNOWLEDG MENTS

We are grateful for the multifaceted support of Garry Nolan and 
Sean Bendall. We much appreciate the helpful advice and support 
provided by Yael Rosenberg‐Hasson of the HIMC and the cheerful 



10 of 12  |     FAHY et al.

cooperation of many other individuals at the HIMC, the Lucas Center 
for Imaging, the SBC, and other institutions on the Stanford cam‐
pus that enabled volunteer processing and on‐campus seminars. 
We also thank the reviewers of this paper, who helped us improve 
the manuscript in important ways. We are particularly thankful for 
the generous personal donations provided by many individuals and 
for a supplemental grant from the Life Extension Foundation, all of 
which enabled additional measurements. The study was supported 
by Intervene Immune, Inc.

CONFLIC T OF INTERE S T

GMF, RTB, JPW, and SH are shareholders in or have options to pur‐
chase shares in Intervene Immune, Inc. GMF and RTB are officers 
of Intervene Immune and are named in a related Intervene Immune 
patent application. All other authors declare no competing interests.

AUTHOR CONTRIBUTIONS

GMF designed and directed the study, compiled the data for all graph‐
ics, prepared the graphics, and wrote the manuscript. RTB managed 
the study; contributed to its design; obtained digital data for all CyTOF, 
TFFF, and BMFFF analyses; and contributed to the manuscript. JPW 
served as the study physician, providing medical oversight, support, 
advice, and volunteer evaluation, and assisted with trial events. ZG 
designed and arranged for the antibody panel for CyTOF analysis, 
directed the CyTOF analyses, and assisted with trial events. SSV de‐
signed the TFFF and BMFFF measurement techniques. HM and ML 
provided guidance concerning correct processing and interpretation 
of CyTOF data and reviewed and approved our CyTOF methodology. 
DTSL and MSK performed all epigenetic measurements and provided 
helpful insights for the manuscript. SH carried out all epigenetic clock 
calculations, performed all linear mixed‐model correlations, and con‐
tributed to the manuscript. All authors approved the manuscript.

ORCID

Gregory M. Fahy   https://orcid.org/0000-0003-0445-7385 

Robert T. Brooke   http://orcid.org/0000-0001-8492-5198 

Zinaida Good   https://orcid.org/0000-0003-2343-5771 

Shreyas S. Vasanawala   http://orcid.org/0000-0002-1999-6595 

Michael D. Leipold   http://orcid.org/0000-0001-5389-0906 

David T. S. Lin   http://orcid.org/0000-0001-5695-9446 

Michael S. Kobor   http://orcid.org/0000-0003-4140-1743 

Steve Horvath   http://orcid.org/0000-0002-4110-3589 

R E FE R E N C E S

Akunuru, S., & Geiger, H. (2016). Aging, clonality and rejuvenation of 
hematopoietic stem cells. Trends in Molecular Medicine, 22, 701–712. 
https​://doi.org/10.1016/j.molmed.2016.06.003

Arnold, C., Wolf, J., Brunner, S., Herndler‐Brandstetter, D., & Grubeck‐
Loebenstein, B. (2011). Gain and loss of T cell subsets in old age – 
age‐associated reshaping of the T cell repertoire. Journal of Clinical 
Immunology, 31, 137–146.

Barzilai, N., Crandall, J. P., Kritchevsky, S. B., & Espeland, M. A. (2016). 
Metformin as a tool to study aging. Cell Metabolism, 23, 1060–1065.

Bodey, B., Bodey, B. J., Siegel, S. E., & Kaiser, H. E. (1997). Involution 
of the mammalian thymus, one of the leading regulators of aging. In 
Vivo, 11, 421–440.

Caglayan, V., Onen, E., Avci, S., Sambel, M., Kilic, M., … Yidiz, H. E. (2019). 
Lymphocyte‐to‐monocyte ratio is a valuable marker to predict can‐
cer in patients with prostate specific antigen between 4 and 10 ng/dl. 
Archivio Italiano Di Urologia, Andrologia, 90, 270–275.

Camacho‐Pereira, J., Tarrago, M. G., Chini, C. C. S., Nin, V., Escande, C., 
… Chini, E. N. (2016). CD38 dictates age‐related NAD decline and 
mitochondrial dysfunction through a SIRT3‐dependent mechanism. 
Cell Metabolism, 23, 1127–1139.

Cappola, A. R., O'Meara, E. S., Guo, W., Bartz, T. M., Fried, L. P., & 
Newman, A. B. (2009). Trajectories of dehydroepiandrosterone 
sulfate predict mortality in older adults: The cardiovascular health 
study. Journals of Gerontology. Series A, Biological Sciences and Medical 
Sciences, 64, 1268–1274. https​://doi.org/10.1093/geron​a/glp129

Dai, X., Zhang, D., Wang, C., Wu, Z., & Liang, C. (2018). The pivotal role of 
thymus in atherosclerosis mediated by immune and inflammatory re‐
sponse. Internation Journal of Medical Sciences, 15, 1555–1563. https​
://doi.org/10.7150/ijms.27238​

Das, A., Huang, G. X., Bonkowski, M. S., Longchamp, A., Li, C., Schultz, M. 
B., … Sinclair, D. A. (2018). Impairment of an endothelial NAD+‐H2S 
signaling network is a reversible cause of vascular aging. Cell, 173, 
74–89. https​://doi.org/10.1016/j.cell.2018.02.008

Dhahbi, J. M., Mote, P. L., Fahy, G. M., & Spindler, S. R. (2005). 
Identification of potential calorie restriction mimetics by microarray 
profiling. Physiological Genomics, 23, 343–350.

Dunning, M., Barbosa‐Morais, N., Lynch, A., Tavare, S., & Ritchie, 
M. (2008). Statistical issues in the analysis of Illumina data. BMC 
Bioinformatics, 9, 85. https​://doi.org/10.1186/1471-2105-9-85

Fabris, N., Mocchegiani, E., Muzzioli, M., & Provinciali, M. (1988). 
Neuroendocrine‐thymus interactions: Perspectives for intervention 
in aging. Annals of the New York Academy of Science, 521, 72–87. https​
://doi.org/10.1111/j.1749-6632.1988.tb352​66.x

Fahy, G. M. (2003). Apparent induction of partial thymic regeneration in a 
normal human subject: A case report. Journal of Anti‐Aging Medicine, 
6, 219–227. https​://doi.org/10.1089/10945​45033​22733063

Fahy, G. M. (2010). Precedents for the biological control of aging: 
Experimental postponement, prevention, and reversal of aging pro‐
cesses. In G. M. Fahy, M. D. West, S. L. Coles, & S. B. Harris (Eds.), The 
future of aging: pathways to human life extension (pp. 127–223). New 
York, NY: Springer.

Falci, C., Gianesin, K., Sergi, G., Giunco, S., De Ronch, I., Valpione, S., 
… Zagonel, V. (2013). Immune senescence and cancer in elderly pa‐
tients: Results from an exploratory study. Experimental Gerontology, 
48, 1436–1442. https​://doi.org/10.1016/j.exger.2013.09.011

Ferrando‐Martínez, S., Romero‐Sánchez, M. C., Solana, R., Delgado, J., 
de la Rosa, R., Muñoz‐Fernández, M. Á., … Leal, M. (2013). Thymic 
function failure and C‐reactive protein levels are independent pre‐
dictors of all‐cause mortality in healthy elderly humans. AGE, 35, 
251–259. https​://doi.org/10.1007/s11357-011-9341-2

Fischer, M., Raptis, D., Montani, M., Graf, R., Clavien, P., … Scheffel, 
H. (2012). Liver fat quantitation by dual‐echo MR imaging outper‐
forms traditional histopathological analysis. Academic Radiology, 19, 
1208–1214.

Forti, P., Maltoni, B., Olivelli, V., Pirazzoli, G. L., Ravaglia, G., & Zoli, M. 
(2012). Serum dehydroepiandrosterone sulfate and adverse health 
outcomes in older men and women. Rejuvenation Research, 15, 349–
358. https​://doi.org/10.1089/rej.2011.1248

https://orcid.org/0000-0003-0445-7385
https://orcid.org/0000-0003-0445-7385
http://orcid.org/0000-0001-8492-5198
http://orcid.org/0000-0001-8492-5198
https://orcid.org/0000-0003-2343-5771
https://orcid.org/0000-0003-2343-5771
http://orcid.org/0000-0002-1999-6595
http://orcid.org/0000-0002-1999-6595
http://orcid.org/0000-0001-5389-0906
http://orcid.org/0000-0001-5389-0906
http://orcid.org/0000-0001-5695-9446
http://orcid.org/0000-0001-5695-9446
http://orcid.org/0000-0003-4140-1743
http://orcid.org/0000-0003-4140-1743
http://orcid.org/0000-0002-4110-3589
http://orcid.org/0000-0002-4110-3589
https://doi.org/10.1016/j.molmed.2016.06.003
https://doi.org/10.1093/gerona/glp129
https://doi.org/10.7150/ijms.27238
https://doi.org/10.7150/ijms.27238
https://doi.org/10.1016/j.cell.2018.02.008
https://doi.org/10.1186/1471-2105-9-85
https://doi.org/10.1111/j.1749-6632.1988.tb35266.x
https://doi.org/10.1111/j.1749-6632.1988.tb35266.x
https://doi.org/10.1089/109454503322733063
https://doi.org/10.1016/j.exger.2013.09.011
https://doi.org/10.1007/s11357-011-9341-2
https://doi.org/10.1089/rej.2011.1248


     |  11 of 12FAHY et al.

French, R. A., Broussard, S. R., Meier, W. A., Minshall, C., Arkins, S., 
Zachary, J. F., … Kelley, K. W. (2002). Age‐associated loss of bone 
marrow hematopoietic cells is reversed by GH and accompanies 
thymic reconstitution. Endocrinology, 143, 690–699. https​://doi.
org/10.1210/endo.143.2.8612

Goff, B. L., Roth, J. A., & Arp, L. H. (1987). Growth hormone treatment 
stimulates thymulin production in aged dogs. Clinical and Experimental 
Immunology, 68, 580–587.

Gong, S., Gao, X., Xu, F., Shang, Z., Li, S., Chen, W., & Li, J. (2018). 
Association of lymphocyte to monocyte ratio with severity of cor‐
onary artery disease. Medicine (Baltimore), 97, e12813. https​://doi.
org/10.1097/MD.00000​00000​012813

Goronzy, J. J., & Weyand, C. M. (2003). T‐cell senescence and contrac‐
tion of T‐cell repertoire diversity – catalysts of autoimmunity and 
chronic inflammation. Arthritis Research & Therapy, 5, 225–234.

Haar, J. L., Taubenberger, J. K., Doane, L., & Kenyon, N. (1989). Enhanced 
in vitro bone marrow cell migration and T‐lymphocyte responses 
in aged mice given subcutaneous thymic epithelial cell grafts. 
Mechanisms of Ageing and Development, 47, 207–219. https​://doi.
org/10.1016/0047-6374(89)90033-X

Hanley, M. B., Napolitano, L. A., & McCune, J. M. (2005). Growth hormone‐
induced stimulation of multilineage human hematopoiesis. Stem Cells, 
23, 1170–1179. https​://doi.org/10.1634/stemc​ells.2004-0322

Hannum, G., Guinney, J., Zhao, L., Zhang, L. I., Hughes, G., Sadda, S. V., … 
Zhang, K. (2013). Genome‐wide methylation profiles reveal quantita‐
tive views of human aging rates. Molecular Cell, 49, 359–367. https​://
doi.org/10.1016/j.molcel.2012.10.016

Henson, S. M., Macaulay, R., Franzese, O., & Akbar, A. N. (2012). Reversal 
of functional defects in highly differentiated young and old CD8 
T cells by PDL blockade. Immunology, 135, 355–363. https​://doi.
org/10.1111/j.1365-2567.2011.03550.x

Henson, S. M., Macaulay, R., Riddell, N. E., Nunn, C. J., & Akbar, A. N. 
(2015). Blockade of PD‐1 or p38 MAP kinase signaling enhances se‐
nescent CD8(+) T‐cell proliferation by distinct pathways. European 
Journal of Immunology, 45, 1441–1451.

Horvath, S. (2013). DNA methylation age of human tissues and 
cell types. Genome Biology, 14, R115. https​://doi.org/10.1186/
gb-2013-14-10-r115

Horvath, S., & Levine, A. J. (2015). HIV‐1 infection accelerates age ac‐
cording to the epigenetic clock. Journal of Infectious Diseases, 212, 
1563–1573. https​://doi.org/10.1093/infdi​s/jiv277

Horvath, S., & Raj, K. (2018). DNA methylation‐based biomarkers and 
the epigenetic clock theory of aging. Nature Reviews Genetics, 19, 
371–384.

Hu, H. H., Nayak, K. S., & Goran, M. I. (2011). Assessment of ab‐
dominal adipose tissue and organ fat content by magnetic res‐
onance imaging. Obesity Reviews, 12, e504–e515. https​://doi.
org/10.1111/j.1467-789X.2010.00824.x

Ji, H., Li, Y., Fan, Z., Zuo, B., Jian, X., Li, L., & Liu, T. (2017). Monocyte/
lymphocyte ratio predicts the severity of coronary artery disease: 
A  syntax score assessment. BMC Cardiovascular Disorders, 17, 90. 
https​://doi.org/10.1186/s12872-017-0507-4

Jylhava, J., Pedersen, N. L., & Hagg, S. (2017). Biological age pre‐
dictors. EBioMedicine, 21, 29–36. https​://doi.org/10.1016/j.
ebiom.2017.03.046

Kelley, K. W., Brief, S., Westly, H. J., Novakofski, J., Bechtel, P. J., Simon, 
J., & Walker, E. B. (1986). GH3 pituitary adenoma cells can reverse 
thymic aging in rats. Proceedings of the National Academy of Science, 
83, 5663–5667. https​://doi.org/10.1073/pnas.83.15.5663

Khan, O., Giles, J. R., McDonald, S., Manne, S., Ngiow, S. F., Patel, K. P. 
(2019). TOX transcriptionally and epigenetically programs CD8+ 
T cell exhaustion. Nature, 571, 211–218. https​://doi.org/10.1038/
s41586-019-1325-x(2019)

Khorram, O., Vu, L., & Yen, S. S. (1997). Activation of immune function 
by dehydroepiandrosterone (DHEA) in age‐advanced men. Journals 

of Gerontology. Series A, Biological Sciences and Medical Sciences, 52, 
M1–M7. https​://doi.org/10.1093/geron​a/52A.1.M1

Lee, K. A., Shin, K. S., Kim, G. Y., Song, Y. C., Bae, E. A., … Kang, C. Y. 
(2016). Characterization of age‐associated exhausted CD8+ T cells 
defined by increased expression of Tim‐3 and PD‐1. Aging Cell, 15, 
291–300.

Levine, M. E., Lu, A. T., Quach, A., Chen, B. H., Assimes, T. L., Bandinelli, 
S., … Horvath, S. (2018). An epigenetic biomarker of aging for lifes‐
pan and healthspan. Aging (Albany, NY), 10, 573–591. https​://doi.
org/10.18632/​aging.101414

Longo, V. D., Antebi, A., Bartke, A., Barzilai, N., Brown‐Borg, H. M., 
Caruso, C., … Fontana, L. (2015). Interventions to slow aging in hu‐
mans: Are we ready? Aging Cell, 14, 497–510. https​://doi.org/10.1111/
acel.12338​

Lu, A. T., Quach, A., Wilson, J. G., Reiner, A. P., Aviv, A., Raj, K., … 
Horvath, S. (2019). DNA methylation GrimAge strongly predicts 
lifespan and healthspan. Aging (Albany, NY), 11, 303–327. https​://doi.
org/10.18632/​aging.101684

Marcus, R., Butterfield, G., Holloway, L., Gilliland, L., Baylink, D. J., Hintz, 
R. L., & Sherman, B. M. (1990). Effects of short‐term administration 
of recombinant human growth hormone to elderly people. Journal 
of Clinical Endocrinology and Metabolism, 70, 519–527. https​://doi.
org/10.1210/jcem-70-2-519

Marioni, R. E., Shah, S., McRae, A. F., Chen, B. H., Colicino, E., Harris, 
S. E., … Deary, I. J. (2015). DNA methylation age of blood predicts 
all‐cause mortality in later life. Genome Biology, 16, 25. https​://doi.
org/10.1186/s13059-015-0584-6

McCune, J. M., Loftus, R., Schmidt, D. K., Carroll, P., Webster, D., Swor‐
Yim, L. B., … Grant, R. M. (1998). High prevalence of thymic tissue 
in adults with human immunodeficiency virus‐1 infection. Journal 
of Clinical Investigation, 101, 2301–2308. https​://doi.org/10.1172/
JCI2834

Montecino‐Rodriguez, E., Kong, Y., Casero, D., Rouault, A., Dorshkind, 
K., & Pioli, P. D. (2019). Lymphoid‐biased hematopoietic stem cells 
are maintained with age and efficiently generate lymphoid prog‐
eny. Stem Cell Reports, 12, 584–596. https​://doi.org/10.1016/j.
stemcr.2019.01.016

Napolitano, L. A., Schmidt, D., Gotway, M. B., Ameli, N., Filbert, E. L., Ng, 
M. M., … McCune, J. M. (2008). Growth hormone enhances thymic 
function in HIV‐1‐infected adults. Journal of Clinical Investigation, 118, 
1085–1098. https​://doi.org/10.1172/JCI32830

Naylor, K., Li, G., Vallejo, A. N., Lee, W.‐W., Koetz, K., Bryl, E., … Goronzy, 
J. J. (2005). The influence of age on T cell generation and TCR di‐
versity. The Journal of Immunology, 174, 7446–7452. https​://doi.
org/10.4049/jimmu​nol.174.11.7446

Ocampo, A., Reddy, P., Martinez‐Redondo, P., Platero‐Luengo, A., 
Hatanaka, F., … Belmonte, J. C. (2016). In vivo amelioration of 
age‐associated hallmarks by partial reprogramming. Cell, 167, 
1719–1733.

Plana, M., Garcia, F., Darwich, L., Romeu, J., López, A., Cabrera, C., … 
Bofill, M. (2011). The reconstitution of the thymus in immuno‐
suppressed individuals restores CD4‐specific cellular and hu‐
moral immune responses. Immunology, 133, 318–328. https​://doi.
org/10.1111/j.1365-2567.2011.03442.x

Poljsak, B., & Milisav, I. (2016). NAD+ as the link between oxidative 
stress, inflammation, caloric restriction, exercise, DNA repair, lon‐
gevity, and health span. Rejuvenation Research, 19, 406–413. https​://
doi.org/10.1089/rej.2015.1767

Rae, M. J., Butler, R. N., Campisi, J., de Grey, A. D. N. J., Finch, C. E., 
Gough, M., … Logan, B. J. (2010). The demographic and biomedical 
case for late‐life interventions in aging. Science Translational Medicine, 
2, 40cm21. https​://doi.org/10.1126/scitr​anslm​ed.3000822

Ren, H., Liu, X., Wang, L., & Gao, Y. (2017). Lymphocyte‐to‐monocyte 
ratio: A novel predictor of prognosis of acute ischemic stroke. Journal 
of Stroke and Cerebrovascular Diseases, 26, 2595–2602.

https://doi.org/10.1210/endo.143.2.8612
https://doi.org/10.1210/endo.143.2.8612
https://doi.org/10.1097/MD.0000000000012813
https://doi.org/10.1097/MD.0000000000012813
https://doi.org/10.1016/0047-6374(89)90033-X
https://doi.org/10.1016/0047-6374(89)90033-X
https://doi.org/10.1634/stemcells.2004-0322
https://doi.org/10.1016/j.molcel.2012.10.016
https://doi.org/10.1016/j.molcel.2012.10.016
https://doi.org/10.1111/j.1365-2567.2011.03550.x
https://doi.org/10.1111/j.1365-2567.2011.03550.x
https://doi.org/10.1186/gb-2013-14-10-r115
https://doi.org/10.1186/gb-2013-14-10-r115
https://doi.org/10.1093/infdis/jiv277
https://doi.org/10.1111/j.1467-789X.2010.00824.x
https://doi.org/10.1111/j.1467-789X.2010.00824.x
https://doi.org/10.1186/s12872-017-0507-4
https://doi.org/10.1016/j.ebiom.2017.03.046
https://doi.org/10.1016/j.ebiom.2017.03.046
https://doi.org/10.1073/pnas.83.15.5663
https://doi.org/10.1038/s41586-019-1325-x(2019)
https://doi.org/10.1038/s41586-019-1325-x(2019)
https://doi.org/10.1093/gerona/52A.1.M1
https://doi.org/10.18632/aging.101414
https://doi.org/10.18632/aging.101414
https://doi.org/10.1111/acel.12338
https://doi.org/10.1111/acel.12338
https://doi.org/10.18632/aging.101684
https://doi.org/10.18632/aging.101684
https://doi.org/10.1210/jcem-70-2-519
https://doi.org/10.1210/jcem-70-2-519
https://doi.org/10.1186/s13059-015-0584-6
https://doi.org/10.1186/s13059-015-0584-6
https://doi.org/10.1172/JCI2834
https://doi.org/10.1172/JCI2834
https://doi.org/10.1016/j.stemcr.2019.01.016
https://doi.org/10.1016/j.stemcr.2019.01.016
https://doi.org/10.1172/JCI32830
https://doi.org/10.4049/jimmunol.174.11.7446
https://doi.org/10.4049/jimmunol.174.11.7446
https://doi.org/10.1111/j.1365-2567.2011.03442.x
https://doi.org/10.1111/j.1365-2567.2011.03442.x
https://doi.org/10.1089/rej.2015.1767
https://doi.org/10.1089/rej.2015.1767
https://doi.org/10.1126/scitranslmed.3000822


12 of 12  |     FAHY et al.

Riley, V., Fitzmaurice, M. A., & Regelson, W. (1990). DHEA and thymus 
integrity in the mouse. In M. Kalimi, & W. Regelson (Eds.), The biologic 
role of dehydroepiandrosterone (DHEA) (pp. 131–155). New York, NY: 
Walter de Gruyter.

Roberts‐Thomson, I. C., Whittingham, S., Youngschaiyud, U., & Mackay, 
I. R. (1974). Ageing, immune response, and mortality. Lancet, 2, 368–
370. https​://doi.org/10.1016/S0140-6736(74)91755-3

Sadagurski, M., Landeryou, T., Cady, G., Kopchick, J. J., List, E. O., 
Berryman, D. E., … Miller, R. A. (2015). Growth hormone modulates 
hypothalamic inflammation in long‐lived pituitary dwarf mice. Aging 
Cell, 14, 1045–1054. https​://doi.org/10.1111/acel.12382​

Savino, W. (2007). Neuroendocrine control of T cell development in 
mammals: Role of growth hormone in modulating thymocyte migra‐
tion. Experimental Physiology, 92, 813–817. https​://doi.org/10.1113/
expph​ysiol.2007.038422

Shufelt, C., Bretsky, P., Almeida, C. M., Johnson, B. D., Shaw, L. J., Azziz, 
R., … Bairey Merz, C. N. (2010). DHEA‐S levels and cardiovascular dis‐
ease mortality in postmenopausal women: Results from the National 
Institutes of Health‐National Heart, Lung, and Blood Institute 
(NHLBI)‐sponsored Women's Ischemia Syndrome Evaluation (WISE). 
Journal of Clinical Endocrinology and Metabolism, 95, 4985–4992. 
https​://doi.org/10.1210/jc.2010-0143

Simanovsky, N., Hiller, N., Loubashevsky, N., & Rozovsky, K. (2012). 
Normal CT characteristics of the thymus in adults. European 
Journal of Radiology, 81, 3581–3586. https​://doi.org/10.1016/j.
ejrad.2011.12.015

Strindhall, J., Nilsson, B.‐O., Lofgren, S., Ernerudh, J., Pawelec, G., 
Johannsson, B., & Wikby, A. (2007). No immune risk profile among 
individuals who reach 100 years of age: Findings from the Swedish 
NONA immune longitudinal study. Experimental Gerontology, 42, 
753–761. https​://doi.org/10.1016/j.exger.2007.05.001

Thompson, H. L., Smithey, M. J., Uhrlaub, J. L., Jeftić, I., Jergović, M., 
White, S. E., … Nikolich‐Žugich, J. (2019). Lymph nodes as barriers to 
T‐cell rejuvenation in aging mice and nonhuman primates. Aging Cell, 
18, e12865. https​://doi.org/10.1111/acel.12865​

Triche, T. J., Weisenberger, D. J., van den Berg, D., Laird, P. W., & 
Siegmund, K. D. (2013). Low‐level processing of Illumina Infinium 

DNA Methylation BeadArrays. Nucleic Acids Research, 41, e90. https​
://doi.org/10.1093/nar/gkt090

Ventevogel, M. S., & Sempowski, G. D. (2013). Thymic rejuvenation 
and aging. Current Opinion in Immunology, 25, 516–522. https​://doi.
org/10.1016/j.coi.2013.06.002

Vitale, G., Pellegrino, G., Vollery, M., & Hofland, L. J. (2019). Role of IGF‐1 
system in the modulation of longevity: Controversies and new in‐
sights from a centenarian's perspective. Frontiers in Endocrinology, 10, 
1–11. https​://doi.org/10.3389/fendo.2019.00027​

Weiss, E. P., Villareal, D. T., Fontana, L., Han, D.‐H., & Holloszy, J. O. 
(2011). Dehydroepiandrosterone (DHEA) replacement decreases in‐
sulin resistance and lowers inflammatory cytokines in aging humans. 
Aging, 3, 533–542. https​://doi.org/10.18632/​aging.100327

Youm, Y. H., Horvath, T. L., Mangelsdorf, D. J., Kliewer, S. A., & Dixit, 
V. D. (2016). Prolongevity hormone FGF21 protects against immune 
senescence by delaying age‐related thymic involution. Proceedings of 
the National Academy of Sciences of the United States of America, 113, 
1026–1031. https​://doi.org/10.1073/pnas.15145​11113​

Zhang, Y., Kim, M. S., Jia, B., Yan, J., Zuniga‐Hertz, J. P., Han, C., & Cai, D. 
(2017). Hypothalamic stem cells control ageing speed partly through 
exosomal miRNAs. Nature, 548, 52–57. https​://doi.org/10.1038/
natur​e23282

SUPPORTING INFORMATION

Additional supporting information may be found online in the 
Supporting Information section at the end of the article.  

How to cite this article: Fahy GM, Brooke RT, Watson JP, et 
al. Reversal of epigenetic aging and immunosenescent trends 
in humans. Aging Cell. 2019;00:e13028. https​://doi.
org/10.1111/acel.13028​

https://doi.org/10.1016/S0140-6736(74)91755-3
https://doi.org/10.1111/acel.12382
https://doi.org/10.1113/expphysiol.2007.038422
https://doi.org/10.1113/expphysiol.2007.038422
https://doi.org/10.1210/jc.2010-0143
https://doi.org/10.1016/j.ejrad.2011.12.015
https://doi.org/10.1016/j.ejrad.2011.12.015
https://doi.org/10.1016/j.exger.2007.05.001
https://doi.org/10.1111/acel.12865
https://doi.org/10.1093/nar/gkt090
https://doi.org/10.1093/nar/gkt090
https://doi.org/10.1016/j.coi.2013.06.002
https://doi.org/10.1016/j.coi.2013.06.002
https://doi.org/10.3389/fendo.2019.00027
https://doi.org/10.18632/aging.100327
https://doi.org/10.1073/pnas.1514511113
https://doi.org/10.1038/nature23282
https://doi.org/10.1038/nature23282
https://doi.org/10.1111/acel.13028
https://doi.org/10.1111/acel.13028

